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Subway maps that match the physical reality are quite rare
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Source Pierre Novat We are here in the land of an artist representation of a printed landscape showing both south, east and north-oriented slopes....
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learner id 29e3b4d1-f030-46b7-937e-1f70a3609921 4af89f00-d7d1-41a0-84c4-2e3826363c0d 4af89f00-d7d1-41a0-84c4-2e3826363c0d 53ecc918-1f24-43f7-b3d3-c781d814538e 8059bc2c-fc5a-4392-9db0-f35763183c5f 3db74705-e8c3-42ea-80a2-35ec48f24d83 c55f1f9f-fb94-4e83-84ce-b194b956d4b6 c93990be-c458-42df-b870-f389345380cf e324839b-c897-467a-b3f6-30c3742afeab 0a35c3a3-60f1-4d13-b40a-84627e96101b ···



step 1.15 1.15 3.21 1.15 1.15 2.12 4.10 1.15 2.12 1.15



test score 11 9 10 7 11 12 8 9 12 11
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