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Abstract The goal of this work is to present a methodology aimed at valuation and hedging of basket credit derivatives, as well as of portfolios of credits/loans, in the context of several possible credit ratings of underlying credit instruments. The methodology is based on a specific Markovian model of a financial market.
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Introduction



The goal of this work is to present some methods and results related to the valuation and hedging of basket credit derivatives, as well as of portfolios of credits/loans, in the context of several possible credit ratings of underlying credit instruments. Thus, we are concerned with modeling dependent credit migrations and, in particular, with modeling dependent defaults. On the mathematical level, we are concerned with modeling dependence between random times and with evaluation of functionals of (dependent) random times; more generally, we are concerned with modeling dependence between random processes and with evaluation of functionals of (dependent) random processes. Modeling of dependent defaults and credit migrations was considered by several authors, who proposed several alternative approaches to this important issue. Since the detailed analysis of these methods is beyond the scope of this text, let us only mention that they can be roughly classified as follows: • modeling correlated defaults in a static framework using copulae (Hull and White (2001), Gregory and Laurent (2004)), • modeling dependent defaults in a “dynamic” framework using copulae (Sch¨onbucher and Schubert (2001), Laurent and Gregory (2003), Giesecke (2004)), • dynamic modelling of credit migrations and dependent defaults via proxies (Douady and Jeanblanc (2002), Chen and Filipovic (2003), Albanese et al. (2003), Albanese and Chen (2004a, 2004b)), • factor approach (Jarrow and Yu (2001), Yu (2003), Frey and Backhaus (2004), Bielecki and Rutkowski (2003)), • modeling dependent defaults using mixture models (Frey and McNeil (2003), Schmock and Seiler (2002)), • modeling of the joint dynamics of credit ratings by a voter process (Giesecke and Weber (2002)), • modeling dependent defaults by a dynamic approximation (Davis and Esparragoza (2004)). The classification above is rather arbitrary and by no means exhaustive. In the next section, we shall briefly comment on some of the above-mentioned approaches. In this work, we propose a fairly general Markovian model that, in principle, nests several models previously studied in the literature. In particular, this model covers jump-diffusion dynamics, as well as some classes of L´evy processes. On the other hand, our model allows for incorporating several credit names, and thus it is suitable when dealing with valuation of basket credit products (such as, basket credit default swaps or collateralized debt obligations) in the multiple credit ratings environment. Another practically important feature of the model put forward in this paper is that it refers to market observables only. In contrast to most other papers in this field, we carefully analyze the issue of preservation of the Markovian structure of the model under equivalent changes of probability measures.



1.1



Conditional Expectations Associated with Credit Derivatives



We present here a few comments on evaluation of functionals of random times related to financial applications, so to put into perspective the approach that we present in this paper. In order to smoothly present the main ideas we shall keep technical details to a minimum. Suppose that the underlying probability space is (Ω, G, P) endowed with some filtration G (see Section 2 for details). Let τl , l = 1, 2, . . . , L be a family of finite and strictly positive random e as well as real-valued times defined on this space. Let also real-valued random variables X and X, processes A (of finite variation) and Z be given. Next, consider an Rk+ -valued random variable k ζ := g(τ1 , τ2 , . . . , τL ) where g : RL + → R+ is some measurable function. In the context of valuation
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of credit derivatives, it is of interest to evaluate conditional expectations of the form ¯ ´ ³Z ¯ E Pβ βu−1 dDu ¯ Gt ,



(1)



]t,T ]



for some numeraire process β, where the dividend process D is given by the following generic formula: Z Z e 2 (ζ))11{t≥T } + Zu dα4 (u; ζ), α3 (u; ζ) dAu + Dt = (Xα1 (ζ) + Xα ]0,t]



]0,t]



where the specification of αi s depends on a particular application. The probability measure Pβ , equivalent to P, is the martingale measure associated with a numeraire β (see Section 4.2 below). We shall now illustrate this general set-up with four examples. In each case, it is easy to identify the processes A, Z as well as the αi s. Example 1.1 Defaultable bond. We set L = 1 and τ = τ1 , and we interpret τ as a time of default of an issuer of a corporate bond (we set here ζ = τ = τ1 ). The face value of the bond (the promised payment) is a constant amount X that is paid to bondholder at maturity T , provided that there was no default by the time T . In addition, a coupon is paid continuously at the instantaneous rate c t up to default time or bond’s maturity, whichever comes first. In case default occurs by the time T , e at bond’s maturity, or as a time-dependent a recovery payment is paid, either as the lump sum X rebate Zτ at the default time. In the former case, the dividend process of the bond equals Z e T )11{t≥T } + (1 − Hu )cu du, Dt = (X(1 − HT ) + XH ]0,t]



where Ht = 11{τ ≤t} , and in the latter case, we have that Z Z (1 − Hu )cu du + Dt = X(1 − HT )11{t≥T } + ]0,t]



Zu dHu . ]0,t]



Example 1.2 Step-up corporate bonds. These are corporate coupon bonds for which the coupon payment depends on the issuer’s credit quality: the coupon payment increases when the credit quality of the issuer declines. In practice, for such bonds, credit quality is reflected in credit ratings assigned to the issuer by at least one credit ratings agency (such as Moody’s-KMV, Fitch Ratings or Standard & Poor’s). Let Xt stand for some indicator of credit quality at time t. Assume that ti , i = 1, 2, . . . , n are coupon payment dates and let ci = c(Xti−1 ) be the coupons (t0 = 0). The dividend process associated with the step-up bond equals Z Dt = X(1 − HT )11{t≥T } + (1 − Hu ) dAu + possible recovery payment ]0,t]



where τ , X and H are as in the previous example, and At =



P



ti ≤t ci .



Example 1.3 Default payment leg of a CDO tranche. We consider a portfolio of L credit names. For each l = 1, 2, . . . , L, the nominal payment is denoted by Nl , the corresponding default time by τl and the associated loss given default by Ml = (1 − δl )Nl , where δl is the recovery rate for the lth credit name. We set Htl = 11{τl ≤t} for every l = 1, 2, . . . , L, and ζ = (τ1 , τ2 , . . . , τL ). Thus, the cumulative loss process equals L X Ml Htl . Lt (ζ) = l=1



Similarly as in Laurent and Gregory (2003), we consider a cumulative default payments process on the mezzanine tranche of the CDO:



Mt (ζ) = (Lt (ζ) − a)11[a,b] (Lt (ζ)) + (b − a)11]b,N ] (Lt (ζ)), PL where a, b are some thresholds such that 0 ≤ a ≤ b ≤ N := l=1 Nl . If we assume that M0 = 0 then the dividend R process corresponding to the default payment leg on the mezzanine tranche of the CDO is Dt = ]0,t] dMu (ζ).
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Example 1.4 Default payment leg of a k th -to-default CDS. Consider a portfolio of L reference defaultable bonds. For each defaultable bond, the notional amount is taken to be deterministic and denoted as Nl ; the corresponding recovery rate δl is also deterministic. We suppose that the maturities of the bonds are Ul and the maturity of the swap is T < min{U1 , U2 , . . . , UL }. Here, we set ζ = (τ1 , τ2 , . . . , τL , τ (k) ), where τ (k) is the k th order statistics of the collection {τ1 , τ2 , . . . , τL }. A special case of the k th -to-default-swap is the case when the protection buyer is protected against only the last default (i.e. the k th default). In this case, the dividend process associated with the default payment leg is (k)



Dt = (1 − δι(k) )Nι(k) 11{τ (k) ≤T } Ht , (k)



where Ht = 11{τ (k) ≤t} and ι(k) stands for the identity of the k th defaulting credit name. This can R be also written as Dt = ]0,t] dNu (ζ), where Nt (ζ) =



1.2



Z



L X



]0,t] l=1



(1 − δl )Nl 11τl (u) dHu(k) .



Existing Methods of Modelling Dependent Defaults



It is apparent that in order to evaluate the expectation in (1) one needs to know, among other things, the conditional distribution of ζ given Gt . This, in general, requires the knowledge of conditional dependence structure between random times τl , τ2 , . . . , τL , so that it is important to be able to appropriately model dependence between these random times. This is not an easy task, in general. Typically, the methodologies proposed in the literature so far handle well the task of evaluating the conditional expectation in (1) for ζ = τ (1) = min {τ1 , τ2 , . . . , τL }, which, in practical applications, corresponds to first-to-default or first-to-change type credit derivatives. However, they suffer from more or less serious limitations when it comes to credit derivatives involving subsequent defaults or changes in credit quality, and not just the first default or the first change, unless restrictive assumptions are made, such as conditional independence between the random times in question. In consequence, the existing methodologies would not handle well computation of expectation in (1) with process D as in Examples 1.3 and 1.4, unless restrictive assumptions are made about the model. Likewise, the existing methodologies can’t typically handle modeling dependence between credit migrations, so that they can’t cope with basket derivatives whose payoffs explicitly depend on changes in credit ratings of the reference names. Arguably, the best known and the most widespread among practitioners is the copula approach (cf. Li (2000), Schubert and Sch¨onbucher (2001), and Laurent and Gregory (2003), for example). Although there are various versions of this approach, the unifying idea is to use a copula function so to model dependence between some auxiliary random variables, say υ 1 , υ2 , . . . , υL , which are supposed to be related in some way to τl , τ2 , . . . , τL , and then to infer the dependence between the latter random variables from the dependence between the former. It appears that the major deficiency of the copula approach, as it stands now, is its inability to compute certain important conditional distributions. Let us illustrate this point by means of a simple example. Suppose that L = 2 and consider the conditional probability P(τ 2 > t + s | Gt ). Using the copula approach, one can typically compute the above probability (in terms of partial derivatives of the underlying copula function) on the set {τ1 = t1 } for t1 ≤ t, but not on the set {τ1 ≤ t1 }. This means, in particular, that the copula approach is not “Markovian”, although this statement is rather vague without further qualifications. In addition, the copula approach, as it stands now, can’t be applied to modeling dependence between changes in credit ratings, so that it can’t be used in situations involving, for instance, baskets of corporate step-up bonds (cf. Example 1.2). In fact, this approach can’t be applied to valuation and hedging of basket derivatives if one wants to account explicitly on credit ratings of the names in the basket. Modeling dependence between changes in credit ratings indeed requires modeling dependence between stochastic processes.
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Another methodology that gained some popularity is a methodology of modeling dependence between random times in terms of some proxy processes, typically some L´evy processes (cf. Hull and White (2000), Albanese et al. (2002) and Chen and Filipovi´c (2004), for example). The major problem with these approaches is that the proxy processes are latent processes whose states are unobservable virtual states. In addition, in this approach, when applied to modeling of credit quality, one can’t model a succession of credit ratings, e.g., the joint evolution of the current and immediately preceding credit ratings (see Remark 2.1 (ii) below).



2



Notation and Preliminary Results



The underlying probability space containing all possible events over a finite time horizon is denoted by (Ω, G, P), where P is a generic probability measure. Depending on the context, we shall consider various (mutually equivalent) probability measures on the space (Ω, G). The probability space e ∨ F, where the filtration H e carries the information (Ω, G, P) is endowed with a filtration G = H about evolution of credit events, such as changes in credit ratings of respective credit names, and where F is some reference filtration. We shall be more specific about both filtrations later on; at this point, we only postulate that they both satisfy the so-called “usual conditions”. The credit events of fundamental interest to us are changes in credit ratings, in particular – the default event. The evolution of credit ratings can be modeled in terms of an appropriate stochastic process defined on (Ω, G, P). Various approaches to the choice of this process have been already proposed in the literature. We shall focus here on the Markov approach, in the sense explained in Section 2.1.1 below.



2.1



Credit Migrations



We consider L obligors (or credit names). We assume that current credit rating of the l th reference entity can be classified to one of Kl different rating categories. We let Kl = {1, 2, . . . , Kl } to denote the set of such categories. However, without a loss of generality, we assume that K l = K := {1, 2, . . . , K} for every l = 1, 2, . . . , L. By convention, the category K corresponds to default. Let X l , l = 1, 2, . . . , L be some processes on (Ω, G, P) with values in K. A process X l represents the evolution of credit ratings of the l th reference entity. Let us write X = (X 1 , X 2 , . . . , X L ). The state space of X is X := KL ; the elements of X will be denoted by x. We call the process X the (joint) migration process. We assume that X 0l 6= K for every l = 1, 2, . . . , L, and we define the default time τl of the lth reference entity by setting τl = inf{ t > 0 : Xtl = K}



(2)



with the usual convention that inf ∅ = ∞. We assume that the default state K is absorbing, so that for each name the default event can only occur once. Put another way, for each l the process X l is stopped at τl . Since we are considering a continuous time market then, without loss of practical generality, we assume that simultaneous defaults are not allowed. Specifically, the equality P(τl0 = τl ) = 0 will hold for every l0 6= l in our model. Remarks. (i) In the special case when K = 2, only two categories are distinguished: pre-default (j = 1) and default (j = 2). We then have Xtl = Htl + 1, where Htl = 11{τl ≤t} . (ii) Each credit rating j may include a “history” of transitions. For example, j may be a twodimensional quantity, say j = (j 0 , j 00 ), where j 0 represents the current credit rating, whereas j 00 represents the immediately preceding credit rating.
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2.1.1



Markovian Set-up



e = FX , so that the filtration H e is the natural filtration of the process X. From now on, we set H Arguably, the most convenient set-up to work with is the one where the reference filtration F is the filtration FY generated by relevant (vector) factor process, say Y , and where the process (X, Y ) is e ∨ F, so that we have, jointly Markov under P with respect to its natural filtration G = FX ∨ FY = H for every 0 ≤ t ≤ s, x ∈ X and any set Y from the state space of Y , P(Xs = x, Ys ∈ Y | Gt ) = P(Xs = x, Ys ∈ Y | Xt , Yt ).



(3)



This is the general framework adopted in the present paper. A specific Markov market model will be introduced in Section 3 below. Of primary importance in this paper will be the k th default time for an arbitrary k = 1, 2, . . . , L. Let τ (1) < τ (2) < · · · < τ (L) be the ordering (for each ω) of the default times τ1 , τ2 , . . . , τL . By definition, the k th default time is τ (k) . It will be convenient to represent some probabilities associated with the k th default time in terms of the cumulative default process H, defined as the increasing process Ht =



L X



Htl ,



l=1



e where H is the filtration where Htl = 11{Xtl =K} = 11{τl ≤t} for every t ∈ R+ . Evidently H ⊆ H, generated by the cumulative default process H. It is obvious that the process S := (H, X, Y ) has the Markov property under P with respect to the filtration G. Also, it is useful to observe that we have {τ (1) > t} = {Ht = 0}, {τ (k) ≤ t} = {Ht ≥ k} and {τ (k) = τl } = {Hτl = k} for every l, k = 1, 2, . . . , L.



2.2



Conditional Expectations



Although we shall later focus on a Markovian set-up, in the sense of equality (3), we shall first derive some preliminary results in a more general set-up. To this end, it will be convenient to use the notation F X,t = σ(Xs ; s ≥ t) and F Y,t = σ(Ys ; s ≥ t) for the information generated by the Y and any processes X and Y after time t. We postulate that for any random variable Z ∈ F X,t ∨ F∞ bounded measurable function g, it holds that EP (g(Z) | Gt ) = EP (g(Z) | σ(Xt ) ∨ FtY ).



(4)



This implies, in particular, that the migration process X is conditionally Markov with regard to the reference filtration FY , that is, for every 0 ≤ t ≤ s and x ∈ X , P(Xs = x | Gt ) = P(Xs = x | σ(Xt ) ∨ FtY ).



(5)



Note that the Markov condition (3) is stronger than condition (4). We assume from now on that t ≥ 0 and x ∈ X are such that px (t) := P(Xt = x | FtY ) > 0. We begin the analysis of conditional expectations with the following lemma. Y Lemma 2.1 Let k ∈ {1, 2, . . . , L}, x ∈ X , and let Z ∈ F X,t ∨ F∞ be an integrable random variable. Then we have, for every 0 ≤ t ≤ s,



EP (11{Hs T } and for arbitrary t < t1 < · · · < tn ≤ T , the conditional distribution ¯ ³ ´ ¯ Pβ κ(1) (t1 , T S , T M ) ≤ k1 , κ(1) (t2 , T S , T M ) ≤ k2 , . . . , κ(1) (tn , T S , T M ) ≤ kn ¯ σ(Mt ) ∨ FTX is Pβ -a.s. log-Gaussian. Let σ(s, T S , T M ), s ∈ [t, T ], denote the conditional volatility of the process κ(1) (s, T S , T M ), s ∈ [t, T ], given the σ-field σ(Mt ) ∨ FTX . Then the price of a CDS swaption equals, for t < T , ¯ ´ ³ ¡ (1),T S (1),T S ¢+ ¯ EPβ βt βT−1 AT − KBT ¯ Mt ! Ã " Ã κ(1) (t,T S ,T M ) S ln υt,T −1 (1),T (1) S M K + = EPβ 11{τ >T } βt βT BT κ (t, T , T )N υt,T 2 Ã κ(1) (t,T S ,T M ) !#¯ ! ¯ ln υt,T ¯ K − KN − ¯ Mt , ¯ υt,T 2



where



2 = υ(t, T, T S , T M )2 := υt,T



Z



T



σ(s, T S , T M )2 ds. t



Proof. We have ¯ ´ ¯ ´ ³ ³ ¡ (1),T S ¡ (1),T S (1),T S ¢+ ¯ (1),T S ¢+ ¯ − KBT − KBT EPβ βt βT−1 AT ¯ Mt ¯ Mt = EPβ 11{τ >T } βt βT−1 AT ¯ ´ ´ ³ ³¡ ¯ (1),T S ¢+ (1),T S | σ(Mt ) ∨ FTX ¯ Mt = EPβ 11{τ >T } βt βT−1 EPβ AT − KBT ³¡ ´¯ ´ ³ ¢+ ¯ (1),T S EPβ κ(1) (T, T S , T M ) − K | σ(Mt ) ∨ FTX ¯ Mt . = EPβ 11{τ >T } βt βT−1 BT In view of our assumptions, we obtain ³¡ ´ ¢+ ¯¯ EPβ κ(1) (T, T S , T M ) − K ¯ σ(Mt ) ∨ FTX Ã κ(1) (t,T S ,T M ) ! Ã κ(1) (t,T S ,T M ) ! ln ln υt,T υt,T (1) S M K K = κ (t, T , T )N − KN . + − υt,T 2 υt,T 2



By combining the above equalities, we arrive at the stated formula.
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In this section, we shall discuss the case of credit derivatives with several underlying credit names. Feasibility of closed-form calculations, such as analytic computation of relevant conditional expected values, depends to great extend on the type and amount of information one wants to utilize. Typically, in order to efficiently deal with exact calculations of conditional expectations, one will need to amend specifications of the underlying model so that information used in calculations is given by a coarser filtration, or perhaps by some proxy filtration.
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6.1



k th -to-default CDS



We shall now discuss the valuation of a generic k th -to-default credit default swap relative to a portfolio of L reference defaultable bonds. The deterministic notional amount of the i th bond is denoted as Ni , and the corresponding deterministic recovery rate equals δi . We suppose that the maturities of the bonds are U1 , U2 , . . . , UL , and the maturity of the swap is T < min {U1 , U2 , . . . , UL }. As before, we shall only discuss a vanilla basket CDS written on such a portfolio of corporate bonds under the fractional recovery of par covenant. Thus, in the event that τ (k) < T , the buyer of the protection is paid at time τ (k) a cumulative compensation X (1 − δi )Ni , i∈Lk



where Lk is the (random) set of all reference credit names that defaulted in the time interval ]0, τ (k) ]. This means that the protection buyer is protected against the cumulative effect of the first k defaults. Recall that, in view of our model assumptions, the possibility of simultaneous defaults is excluded. 6.1.1



Default Payment Leg



The cash flow associated with the default payment leg is given by the expression X (1 − δi )Ni 11{τ (k) ≤T } 11τ (k) (t), i∈Lk



so that the time-t value of the default payment leg is equal to ! Ã ¯ X ¯ (k) −1 (1 − δi )Ni ¯ Mt . At = EPβ 11{t 























des documents recommandant







[image: alt]





The credit derivatives market: 

The contract depends on both the state of the world .... is, either by statute or contractual agreement, paid out only when general creditors ...... Economic theory.










 


[image: alt]





The credit derivatives market: 

The credit derivatives market: its development and possible implications for ..... portfolio swaps and baskets, credit-linked notes and credit spread options.










 


[image: alt]





New approaches to the pricing of basket credit derivatives and CDO's 

Incremental Risk Capital Charge (IRC). â–« Stressed VaR : 99.9%, 1 .... Likelihood methods. â–« Needs to be reassessed in case of stochastic recovery models. 38.










 


[image: alt]





Valuation of Portfolio Credit Default Swaptions 

Nov 6, 2003 - we describe the portfolio swap and swaption contracts. Next, we ... swaptions that knock out if the reference entity defaults before swaption maturity. .... individual credit curves, but will be close to the average CDS spread of the ..










 


[image: alt]





Credit derivatives: effects on the stability of financial markets 

and set appropriate reporting rules which reflect the interests of both the supervisory ... allocation of risks, although it does not directly endanger the stability of the financial ... position to prevent financial difficulties and to alleviate cre










 


[image: alt]





New approaches to the pricing of basket credit derivatives and CDO's 

Factor copulas : dramatic dimension reduction. â–« Fast computations for large baskets. â–« No need of inaccurate Monte Carlo. â–« Semi-explicit loss distributions.










 


[image: alt]





New approaches to the pricing of basket credit derivatives and CDO's 

if does not depend on i: homogeneous case. â–« otherwise, heterogeneous case. .... Shift of pair-wise correlation to 35%. â–«. Correlation sensitivities wrt the.










 


[image: alt]





CREDIT RISK Credit risk, modeling, valuation and hedging.pdf 

Risk-Neutral Valuation: Pricing and Hedging of Finance Derivatives. N.H, Bingham and R. ... to credit risk, our goal was to introduce the basic concepts and related no- tation, rather than to ...... 3.5.3 Incomplete Accounting Data. 113 ..... high le










 


[image: alt]





the jp morgan guide to credit derivatives - InvestingInBonds.com 

factors. Yet these strategies are inefficient, largely because they do not separate ... derivative market as a watershed development for bank credit risk management ... institutions that routinely carry credit risk as part of their day-to-day busines










 


[image: alt]





Modelling Portfolios of Correlated Credit Sensitive Exposures Credit 

Oct 4, 2005 - Professor, ISFA Actuarial School, University of Lyon. Scientific ..... See Credit Risk Assessment and Stochastic LGD's: an Investigation of.










 


[image: alt]





The role of banks in the economy - Credit Risk - ENPC 

2 Banks are financial intermediaries which fill the gap between supply and demand on money market and the risk ..... Banking services. Proprietary Trading.










 


[image: alt]





The Real Effects of Disrupted Credit 

Sep 13, 2018 - I. Credit markets and the external finance premium .... have short maturities, since rather than selling the assets when liquidity is needed, investors can ... during the financial crisis, runnable liabilities fell from about 80 percen










 


[image: alt]





Credit risk and credit derivatives: a risk ... - Jean-Paul LAURENT .fr 

Credit derivatives. OTC derivatives. Corporate. Retail. Basket default swaps. Contingent ... one can easily deal with a large number of names,. â–« Tackle with ...










 


[image: alt]





Credit Risk Cheat Sheet - Credit Risk - ENPC 

Swap: the reference is a reference pool (usually between 5 and 10 reference entities) ..... The CRM is a risk metrics that, as the IRC, captures the risks due to.










 


[image: alt]





credit lyonnais 

Au titre du contrat de liquiditÃ© confiÃ© par la sociÃ©tÃ© DANONE Ã  Rothschild & Cie Banque, Ã  la date du. 31 dÃ©cembre 2014, les moyens suivants figuraient au ...










 


[image: alt]





credit derivatives revised edition primer libro inglese vari dbid 15j5k 












 


[image: alt]





\title{Pricing credit derivatives with uncertain default probabilities} 

Oct 13, 2005 - ([12]) have proposed the criterion of minimization of the quadratic risk in ... are solutions of a non linear Partial Differential Equation (PDE) that ...










 


[image: alt]





An overview of the valuation of collateralized derivatives contracts 

May 29, 2013 - large amount of derivatives contracts is collateralized. â–« OTC transactions ..... Recovery of Market Value: proxy for â€œrisky close-out conventionâ€�.










 


[image: alt]





Applying hedging techniques to credit derivatives - Jean-Paul LAURENT 

Apr 27, 2001 - Applying hedging techniques to ..... short position in short term credit spreads. Market + Client ... Risky discount bond with maturity T : pays 1. {r>T} ..... D D. D ND. D D. D ND. D. D D. ND D. D D. ND D. D. ND ND. D. D p p p p p.










 


[image: alt]





Applying hedging techniques to credit derivatives - Jean-Paul LAURENT 

Apr 23, 2001 - Some issues currently addressed (portfolio approaches):. âˆ’ Construction of Databases: âž¢default events, credit spreads,. âž¢use of external data ...










 


[image: alt]





An overview of the valuation of collateralized derivatives contracts 

Jun 6, 2013 - An overview of the valuation of collateralized derivatives contracts. Jean-Paul Laurent, UniversitÃ© Paris 1 PanthÃ©on - Sorbonne. Joint work with.










 


[image: alt]





New approaches to the pricing of basket credit ... - Jean-Paul LAURENT 

is the forward price of unknown Libor as seen from today's date. 8. Value date = ... http://www.risk.net/digital_assets/1565/bianchetti.pdf. 11 ... Say EONIA or Fed funds rates in the most common cases ..... some-spanish-french-debt-1-.html. â–«.










 


[image: alt]





Applying dynamic hedging techniques to credit derivatives - Jean-Paul 

Scientific Advisor, BNP PARIBAS, Fixed Income Research and Strategies ... Trading credit risk : closing the gap between supply and demand .... capital at risk can be high. âˆ’ what is the ..... But, probability of default between u and u+du: Î»(u)du.










 


[image: alt]





An overview of the valuation of collateralized derivatives contracts 

Apr 27, 2014 - We consider the valuation of collateralized derivative contracts such as ...... As outlined by Brigo and Morini (2010), setting-up the closeout ...










 














×
Report valuation of basket credit derivatives in the credit migrations environment





Your name




Email




Reason
-Select Reason-
Pornographic
Defamatory
Illegal/Unlawful
Spam
Other Terms Of Service Violation
File a copyright complaint





Description















Close
Save changes















×
Signe






Email




Mot de passe







 Se souvenir de moi

Vous avez oublié votre mot de passe?




Signe




 Connexion avec Facebook












 

Information

	A propos de nous
	Règles de confidentialité
	TERMES ET CONDITIONS
	AIDE
	DROIT D'AUTEUR
	CONTACT
	Cookie Policy





Droit d'auteur © 2024 P.PDFHALL.COM. Tous droits réservés.








MON COMPTE



	
Ajouter le document

	
de gestion des documents

	
Ajouter le document

	
Signe









BULLETIN



















Follow us

	

Facebook


	

Twitter



















Our partners will collect data and use cookies for ad personalization and measurement. Learn how we and our ad partner Google, collect and use data. Agree & Close



