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The Klondike Gold Rush of 1896-1904



First, Rushing



Second, Working Hard and Investing
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Back to Modern Macro



• Gold rushes: economic boom – large increases in expenditures



– securing claims near new found veins of gold. • Define Market rush: economic boom – securing “position”



(monopoly rents) on a market. • Define gold rush: inefficient market rush: Historically, gold



eventually expands the stock of money. • May business cycles fluctuations resemble market rushes?



Gold rushes?
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Macroeconomic Facts (1)



• A well known set of facts shed some light on the existence of



market rushes • Run a VAR on consumption and output (US quarterly data



1947Q1 to 2004Q4) [in the line of Cochrane, QJE 1991]
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Macroeconomic Facts (2)



• LR matrix associated with the Wold representation has 1 full



zero column =⇒ puts some structure on the permanent/temporary and Choleski identifications: Permanent shock = Consumption shock • C is only explained by the permanent shock (at all horizons)



(> 96%) • The other shock matters for Y in the BC (∼ 70% at 1 step)
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Very Robust Feature: Specification LR Identification Consumption − εP



Output − εP



1.5



1.5



1



1



0.5



0.5



0



0



−0.5



5



10 Quarters



15



20



−0.5



5



T



0.5 0



10 Quarters



15



20



1



0



5



15



1.5



0.5



−0.5



20



Output − ε



Benchmark Coint. Est. 8 lags Levels



1



15 T



Consumption − ε 1.5



10 Quarters



20



−0.5



5



10 Quarters



Motivation



An Analytical Model



Taking the Model to the Data



Conclusion



Very Robust Feature: Specification (2) Choleski Identification Consumption − εC



Output − εC
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Very Robust Feature: Data LR Identification Consumption − εP
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Very Robust Feature: Data (2) Choleski Identification Consumption − εC



Output − εC
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Forecast Error Variance Decomposition, (C , Y ) Benchmark VECM.



Horizon 1 4 8 20 ∞



Output εT εY 62.01% 79.86% 28.10 % 46.05 % 17.20 % 32.73% 9.79 % 22.21 % 0% 3.89 %



Consumption εT εY 3.90% 0.00% 1.16% 1.25% 0.91% 1.26 % 0.42% 2.13% 0% 3.89%
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Hours Worked • (ML) Regression:



xt = c +



PK



Horizon 1 4 8 20 40



k=0



 H αk εPt−k + βk εT t−k + γk εt−k ,



Level εp 19 % 37 % 61 % 60 % 54 %



Specification εt εH 75 % 6 % 56 % 7 % 32 % 7 % 21 % 19 % 20 % 26 %



Difference Specification εp εt εH 21 % 74 % 5% 46 % 52 % 2% 66 % 32 % 2% 69 % 28 % 3% 57 % 38 % 5%



• H: mainly explained by the transitory component (∼ 80% at



1 step)
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Nominal and Real Interest Rates



• Same regressions for the interest rate (Tbill, and Tbill-Pgdp)



k 1 4 8



Tbill − ∆PGDP εP εT 0.1116 0.0970 0.0817 0.0909 0.0598 0.0826



e Tbill − ∆PGDP+1 P T ε ε 0.0683 0.0606 0.0875 0.0831 0.0686 0.0729



• Interest rates do not respond negatively to the second shock



=⇒ Not a monetary shock
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Summary



Data suggest that • There is a shock that acts as an investment shock, • with no long run impact, • that explains a good part of the BC fluctuations in Y and H • and that does not look like a technology, monetary or



preference shock in the short run
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Our View



• Suggest an alternative view • Suggest something akin to gold rushes: Market rushes • Role of investors’ expectations in fluctuations (Pigou,



Wicksell, Keynes) • Not a sunspot story • Inherent aspect of capitalist economies: Uncertainty about



investment profitability + News about it.
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Elements of the Model • Expanding varieties model • The growth in the potential set of varieties is technologically



driven and exogenous.
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An Analytical Model



• The objective here is to derive an analytical solution to a



model that possesses “Market Rush” properties • I will then discuss some of the implications of the model
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Technologies Final Good: −



• Qt = (Θt ht )αh Nt



(1−αh )(1−χ) χ



R



Nt 0



χ Xj,t dj



 1−αh χ



,



• No impact of Nt



Intermediate Good: • Each existing intermediate good is produced by a monopolist, • Survive with probability (1 − µ), • It takes 1 unit of the final good to produce 1 unit of Xj,t .



Startups: • Invest 1 in t and be a monopolist in t+1 with probability ρt
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Households Preferences: Max



E



∞ X



[log Ct+i + g (h − ht+i )]



i=0



Budget constraint: Period t: Ct + PtE Et + St = wt ht + Et πt + PtE (1 − µ)Et−1 + PtE ρt−1 St−1 Period t+1: E E E Ct+1 +Pt+1 Et+1 +St+1 = wt+1 ht+1 +Et+1 πt+1 +Pt+1 (1−µ)Et +Pt+1 ρt St
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New Markets • Probability that a startup at time t will become a functioning



firm at t + 1:



  t Nt ρt = min 1, St
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New Markets • Probability that a startup at time t will become a functioning



firm at t + 1:



• Evolution of markets



  t Nt ρt = min 1, St
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New Markets • Probability that a startup at time t will become a functioning



firm at t + 1:



  t Nt ρt = min 1, St



• Evolution of markets



• Parameters are such that it is always optimal to fill available



space on the market
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Value Added



• Value added is given by:



Z Yt = Qt −



Nt



Pj,t Xj,t dj = AΘt ht 0
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Value Added



• Value added is given by:



Z Yt = Qt −



Nt



Pj,t Xj,t dj = AΘt ht 0



• Value-added Yt is used for consumption Ct and startup



expenditures (St ) purposes Yt = Ct + St
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Equilibrium



• From the household program:



    πt+1 (1 − µ) 1 = βEt + βEt ρt Ct Ct+1 ρt+1 Ct+1 ∞ X Ct (1 − µ)τ β τ ⇐⇒1 = βρt Et πt+τ Ct+τ τ =1



• Startup cost = discounted sum of expected profits • Expectation driven startup investment
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Equilibrium (2)



Using labor decisions, equilibrium conditions collapse to    1 (ht − ζ0 ) = βδt ζ1 Et [ht+1 ] + βδt Et − 1 (ht+1 − ζ0 ) . δt+1 with • δt = εt /(1 − µ + εt ) is a increasing function of the fraction of



newly opened markets εt , • ζ0 and ζ1 are complicated functions of the deep parameters.
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Equilibrium (3)



Result Employment is a purely forward looking, and therefore indirectly depends on all the future δt
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VAR Representation



• Output and consumption are given by



Yt = ky Θt ht and Ct = kc Θt s.t. log Yt



= ky + log Θt + log ht



log Ct



= kc + log Θt



• Assume • log Θt = log Θt−1 + εΘ t , • εt i.i.d., E (εt ) = µ and εN t = log(εt ) − log(µ).
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Implications • We have







∆ log(Ct ) ∆ log(Yt )







 =



1 0 1 b(1 − L)







εΘ t εN t







 = C (L)



• Shares a lot of dynamic properties with the data: 1. Consumption is a random walk, only affected by εΘ



εΘ t εN t
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Implications • We have







∆ log(Ct ) ∆ log(Yt )







 =



1 0 1 b(1 − L)







εΘ t εN t







 = C (L)



• Shares a lot of dynamic properties with the data: 1. Consumption is a random walk, only affected by εΘ 2. Output is also affected in the short run by εN 3. Orthogonalization would give: εP = εC = εΘ and εT = εY = εN 4. Hours are only affected by εN 5. The interest rate does not respond to εN



εΘ t εN t
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Implications (2)



• One can prove that the decentralized investment decisions are



the same that previously, so that the dynamics of h is the same. • The socially optimal allocations are in this case



ht = C te • All εN -driven fluctuations are suboptimal
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An extended Model



• Turn to the quantitative aspect of the problem • Aim: Assess the quantitative relevance of the model • Some extra features: 1. Capital accumulation, 2. Adjustment costs to investment, 3. Habit persistence in consumption, 4. Two types of intermediate goods.
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Extra Features



• Final Good



Qt =Kt1−αx −αz −αh (Θt ht )αh × . . . Z Z Nx,t  αχx ξ ξe χ Nz,t × Nx,t Xt (i) di 0



Nz,t



Zt (i)χ di



0



with αx , αz , αh ∈ (0, 1), αx + αz + αh < 1 and χ > 1.



 αχz
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Qt =Kt1−αx −αz −αh (Θt ht )αh × . . . Z Z Nx,t  αχx ξ ξe χ Nz,t × Nx,t Xt (i) di 0



Nz,t



Zt (i)χ di



0



with αx , αz , αh ∈ (0, 1), αx + αz + αh < 1 and χ > 1. • ξ = −αx (1 − χ)/χ : Nx,t has no impact
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Extra Features



• Final Good



Qt =Kt1−αx −αz −αh (Θt ht )αh × . . . Z Z Nx,t  αχx ξ ξe χ Nz,t × Nx,t Xt (i) di 0



Nz,t



Zt (i)χ di



0



with αx , αz , αh ∈ (0, 1), αx + αz + αh < 1 and χ > 1. • ξ = −αx (1 − χ)/χ : Nx,t has no impact • ξe = (χ(1 − αx ) − αz )/χ: Qt is linear in Nz,t



 αχz
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Extra Features (2) • Variety:



Nx,t+1 = (1 − µ + εxt )Nx,t Nz,t+1 = (1 − µ + εzt )Nz,t .
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Extra Features (2) • Variety:



Nx,t+1 = (1 − µ + εxt )Nx,t Nz,t+1 = (1 − µ + εzt )Nz,t . • Shocks:



log(εxt ) = ρx log(εxt−1 ) + (1 − ρx ) log(εx ) + νtx log(εzt ) = ρz log(εzt−1 ) + (1 − ρz ) log(εz ) + νtz log Θt



= log Θt−1 + εΘ t .
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Estimation Simulated Method of Moments
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Estimation (2) Not all parameters are estimated



Preferences Discount factor



β



0.9926



Technology Elasticity of output to intermediate goods Elasticity of output to hours worked Depreciation rate Elasticity of substitution bw intermediates Rate of technology growth Monopoly death rate



αx αh δ χ γ µ



0.3529 0.4235 0.0250 0.8333 1.0060 0.0086
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Impulse Response Functions VAR versus Model (LR identification)
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Impulse Response Functions VAR versus Model (SR identification)
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Estimated Parameters Persistence of the X Variety shocks



ρx



0.9166



Standard dev. of X Variety shocks



σx



Persistence of the Z Variety shocks



ρz



Standard dev. of Z Variety shocks



σz



Standard dev. of the Technology shocks



σΘ



0.0131



Habit Persistence parameter



b



0.5900



Adjustment Costs parameter



ϕ



0.4376



(0.0336)



0.2865 (0.0317)



0.9164 (0.6459)



0.0245 (0.1534)



(0.0015)



(0.1208)



(0.3267)
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Goodness of Fit



Test P–value



J–stat(Y) 17.41



Chi–stat(C) 42.51



Chi–stat(C,Y) 92.78



[0.99]



[0.12]



[0.06]
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Does the model match Hours variance decomposition?



• (ML) Regression:



ht = c +



PK



k=0



Horizon 1



 H αk εPt−k + βk εT t−k + γk εt−k ,



εp 19 %



Data εt 75 %



εh 6%



εp 35 %



Model εt 65 %



εh 0%
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Business cycle accounting



Horizon 1 4 8 20 ∞



εΘ 64 % 86 % 92 % 96 % 96 %



Output εx 36 % 14 % 8% 3% 0%



εz 0% 0% 0% 1% 4%



Consumption εΘ εx εz 94 % 6 % 0 % 95 % 5 % 0 % 96 % 4 % 0 % 98 % 1 % 1 % 96 % 0 % 4 %



εΘ 15 % 19 % 32 % 40 % 41 %



Hours εx 85 % 81 % 68 % 59 % 57 %



εz 0% 0% 0% 1% 2%
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Alternative Stories



• Common to all models • habit persistence, • adjustment costs to investment • permanent technology shock • Shut down the permanent market shock Qt =



ξ Kt1−αx −αh (Θt ht )αh Nx,t



Z



! αχx



Nx,t



Xt (i)χ di



0



• Compete our market shock against alternative shocks.



.
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Alternative Stories (2) Investment Specific Shock



Yt = Ct + St + e −ζt It ,



J–stat



PIS–1 17.31



PIS–2 60.96



TIS–1 14.89



TIS–2 59.48



[0.99]



[0.86]



D(C , Y )



99.42



92.34



[1.00])



[0.87]



[0.03]



[0.06])



Conclusion



Motivation



An Analytical Model



Taking the Model to the Data



Conclusion



Alternative Stories (3) Investment Specific Shock: Variance decomposition



Horizon PIS–1: 1 ∞ PIS–2: 1 ∞ TIS–1: 1 ∞ TIS–2: 1 ∞



Output Consumption εΘ νx ζ εΘ νx ζ=Permanent Investment Specific Shock 64 % 36 % 0% 95 % 5% 100 % 0% 0% 100 % 0% ζ=Permanent Investment Specific Shock 55 % 45 % 0% 84 % 16 % 96 % 0% 4% 96 % 0% ζ=Temporary Investment Specific Shock 53 % 42 % 5% 93 % 6% 100 % 0% 0% 100 % 0% ζ=Temporary Investment Specific Shock 56 % 42 % 2% 84 % 15 % 100 % 0% 0% 100 % 0%



ζ



εΘ



Hours νx



ζ



0% 0%



15 % 44 %



85 % 56 %



0% 0%



0% 4%



0% 26 %



99 % 63 %



1% 11 %



1% 0%



19 % 34 %



73 % 50 %



8% 16 %



1% 0%



0% 26 %



94 % 62 %



6% 12 %
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Alternative Stories (4) Transitory technology and preference shocks



• Transitory technology shock



Qt = e



ζt



ξ Kt1−αx −αh (Θt ht )αh Nx,t



Z



Nx,t



χ



 αχx



Xt (i) di 0



• Preference shocks



Et



∞ h X



i log(Ct+τ − bCt+τ −1 ) + ψe ζt+τ (h − ht+τ ) ,



τ =0



J–stat



T.T. 54.65



T.P. 50.56



[0.95]



[0.98]



,
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Alternative Stories (5)



Horizon



Output εΘ νx ζ T.T.: ζ=Temporary Technology Shock 1 21 % 38 % 41 % ∞ 99 % 0% 0% T.P.: ζ=Temporary Preference Shock 1 27 % 39 % 34 % 20 70 % 8% 22 % ∞ 100 % 0% 0%



εΘ



Consumption νx



ζ



εΘ



Hours νx



ζ



44 % 100 %



17 % 0%



39 % 0%



0% 10 %



98 % 66 %



2% 24 %



55 % 82 % 100 %



15 % 5% 0%



30 % 13 % 0%



1% 7% 8%



53 % 33 % 33 %



46 % 60 % 59 %
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Road Map
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Conclusion



• We have found a new source of shocks, that looks like animal



spirits, although it comes from a model with determinate equilibrium. • A quite pessimistic view that a non trivial share of the



Business Cycle is inefficient ; large welfare cost of fluctuations. • Part of a research program in which we explore the importance



of the arrival of information as a source of impulse in the BC.
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Investment Specific Shocks vs TFP 0.8 0.7 0.6 0.5 0.4 0.3 0.2 0.1 0 1955



1960



1965



1970



1975 1980 Quarters



1985



1990



1995



2000



Motivation



An Analytical Model



Taking the Model to the Data



Conclusion



Investment Specific Shocks vs TFP σ(∆ TFP): 0.7999, σ(∆ ISTP): 0.5020 0.8 0.7 0.6 0.5 0.4 0.3 0.2 0.1



ISTP TFP



0 1955



1960



1965



1970



1975 1980 Quarters



1985



1990



1995



2000



Go Back



Motivation



An Analytical Model



Taking the Model to the Data



Alternative Stories? Estimation Results



b ϕ σγ ρT σT J–stat(Y)



RBC–P 0.8813



RBC–T 0.8813



RBC–Q 0.7181



CEE 0.0000



(0.0289)



(0.0289)



(0.0739)



(0.0000)



0.6682



0.6683



2.0353



0.6353



(0.4305)



(0.4369)



(0.6242)



(0.1811)



0.0143



0.0143



0.0153



0.0129



(0.0019)



(0.0019)



(0.0016)



(0.0015)



–



0.5973



0.4974



0.6024



(0.0996)



(0.1024)



(0.0921)



0.0155



0.0099



0.0306



(0.0077)



(0.0050)



(0.0033)



–



30.96



30.96



18.05



23.06



[0.66])



[0.66]



[0.99]



[0.96]



Conclusion



Motivation



An Analytical Model



Taking the Model to the Data



Alternative Stories?



b ϕ σΘ ρx σx



PIS–1 0.6108



PIS–2 0.3125



TIS–1 0.6457



TIS–2 0.3062



(0.1229)



(0.1921)



(0.1180)



(0.2184)



0.4195



0.2534



0.6099



0.2775



(0.3227)



(0.3201)



(0.6675)



(0.4235)



0.0131



0.0088



0.0126



0.0089



(0.0017)



(0.1592)



(0.0017)



(0.0016)



0.9117



0.8919



0.9143



0.8967



(0.0323)



(0.0395)



(0.0374)



(0.0420)



0.1575



0.1859



0.1594



0.1775



(0.0217)



(0.0349)



(0.0197)



(0.0266)



ρT



–



–



σT



0.0003



0.0038



0.5328



0.8478



(0.2742) 0.0118



(0.4974) 0.0032



(0.0243)



(0.0082)



(0.0137)



(0.0048)



Conclusion



Motivation



An Analytical Model



Taking the Model to the Data



Alternative Stories?



b ϕ σΘ ρx σx ρT σT



T.T. 0.3420



T.P. 0.3877



(0.1869)



(0.1472)



0.3125



0.3699



(0.2645)



(0.3228)



0.0062



0.0075



(0.0044)



(0.0037)



0.9195



0.9075



(0.0234)



(0.0259)



0.1768



0.1825



(0.0278)



(0.0297)



0.9143



0.8799



(0.1148)



(0.1959)



0.0046



0.0068



(0.0021)



(0.0030)



Conclusion



























des documents recommandant













Gold rush fever in business cycles .fr 

Feb 1, 2011 - Gold prospecting took place along the Klondike River near Dawson City in the ...... Sales of goods and services through the franchising format ...










 








Gold Rush Fever in Business Cycles - Banque de France 

May 12, 2017 - observations with regards to its cyclical properties.23. Our metaphor of new markets describes all new ways of introducing new products given ...










 








Gold Rush Fever in Business Cycles Technical ... - Fabrice Collard 

From the C(1) matrix, we see that a unit ÎµÎ¸ shock has a long run impact of 1 on ..... Our specification of monetary policy involves an exogenous money supply rule ...










 








Gold Rush Fever in Business Cycles - Fondation Banque de France 

May 12, 2017 - is that, from a social point of view, much of the increased activity is wasteful since historically ... need to set a demanding standard to evaluate such story. ... and transitory components recovered from the data in Section 1 do not 










 








Gold Rush Fever in Business Cycles - Fondation Banque de France 

May 12, 2017 - innovation, and by construction the contemporaneous response of C to ÎµY is zero. Figure 2 .... for a matrix S such that Âµ = SÎ½ and Bi = AiS.










 








Chapter 3 Real Business Cycles .fr 

9. Figure 2: US Output Gap and Potential Output. 1960. 1970. 1980. 1990. 2000. 2010. 2020. âˆ’8. âˆ’6. âˆ’4. âˆ’2. 0. 2. 4. %. US Output Gap (Oecd). 1960. 1970. 1980.










 








Chapter 3 Real Business Cycles 

Franck Portier â€“ TSE â€“ Macro II â€“ 2009-2010 â€“ Chapter 3 â€“ Real Business Cycles. 1. Chapter 3 ... All along, the name of the game is to reproduce some â€œstylized.










 








Jungle Fever .fr 

(Or the Skink Olympic swimming pool). After reading Raising the Army of .... above) and the Illustrated Children's Guide to the Aztecs for reference and based my ...










 








Don't Rush 

8&1Turn Â½ left and step left forward, step right together, turn Â¼ left and step left forward. SIDE ROCK, RECOVER, BOTOFOGO (TWINKLE), CROSS, SIDE, ...










 








GOLD RUSH Jeu de loterie INSTANT no 2107 

Page 1 .... de loterie aux personnes Ã¢gÃ©es de moins de 18 ans est interdite par la loi. Aucun lot ne sera versÃ© Ã  une personne Ã¢gÃ©e de moins de 18 ans. SEO.










 








GOLD RUSH Jeu de loterie INSTANT no 2107 

Découvrez trois (3) symboles identiques, gagnez 50 $ dans ce JEU. ... un de VOS NUMÉROS à un des NUMÉROS CHANCEUX, gagnez le lot correspondant.










 








GOLD RUSH Jeu de loterie INSTANT no 2150 

Découvrez trois (3) symboles identiques, gagnez 50 $ dans le JEU 1. ... JEU 5 : Grattez les six (6) NUMÉROS CHANCEUX et les trente-deux (32) VOS ...










 








My overseas business Tour - Realty Gold World 

You deal with us and our partner in each country we act ... all airline tickets, luxury hotel, driver, interpreter they will need to make their purchase as easy as ...










 








Gold Star Interview #1 .fr 

2004, ebook by truegossiper, All Rights Reserved. It is illegal to copy, steal, or distribute all or any part of this book or web page without the author's ... haven't been bidding as much on elance in the past year or so. ... She was a cute blonde g










 








An empirical analysis of stochastic trends and cycles in ... .fr 

seminar participants at the Centre for European Economic Research (ZEW), the ... both for the existing Union and for the entrants, and demands new answers ...










 








MAN AND WATER IN GIRONDE The blue gold rush The engineers 

Scientific knowledge has its limits. Fortunately, from 1950, the increase in boring was scrupulously supervised by water-scientists. This enabled them to come to ...










 








cycles 












 








RUSH US.pub 

Oct 12, 2004 - 7-cell rectangular parachute of F111 fabric in I-beam/chord-wise construction. ... otherwise. By using .... The test should be done chord-wise.










 








RUSH US.pub 

Oct 12, 2004 - from a competent instructor who is rated by your country's organization. ... exposed to a degrading element or unusually hard opening or any time ..... 9) Periodic Maintenance: The links should not be checked for tightness with ...










 








Business Cycle Accounting .fr 

Mar 9, 2010 - Introduction The Equivalence Result Presentation of the Accounting Procedure Interpreting wedges with alternative technology or prefere.










 








Business Analysis .fr 

A loan officer may need to ask: â€œWhat is the credit risk involved in lending a certain ... ies are like a car mechanic who provides an independent certification of a used ...... ergy-related projects, which had been a major source of business of ou










 








business plan .fr 

3 The financing plan ... AEROGENERATEUR BSB project at the â€�Ecole des Mines d' ..... Research Reports using all the contacts we already have .... 1986 : Filing of International Patent ( industrial process CAR SAP ) ( automotive sector ...










 








1 Austrian Business Cycles, Plucking Models, and Real ... - CiteSeerX 

This paper will argue that an Austrian capital based macroeconomics provides the .... illustrated by using a stylized form of the Friedman (1993) plucking model (see Figure ..... Business Review, Federal Reserve Bank of Philadelphia,.










 








Modeling news-driven international business cycles - Franck Portier's 

The key insight to understand the result is that, because news shocks are ..... We define G(K J,t, H J,t, X J,t;Î¸J,t) = C J,t as the value function of the static problem: ... achievable when investing X J,t , using inputs K J,t and H J,t (and alloca










 














×
Report Gold Rush Fever in Business Cycles .fr





Your name




Email




Reason
-Select Reason-
Pornographic
Defamatory
Illegal/Unlawful
Spam
Other Terms Of Service Violation
File a copyright complaint





Description















Close
Save changes















×
Signe






Email




Mot de passe







 Se souvenir de moi

Vous avez oublié votre mot de passe?




Signe




 Connexion avec Facebook












 

Information

	A propos de nous
	Règles de confidentialité
	TERMES ET CONDITIONS
	AIDE
	DROIT D'AUTEUR
	CONTACT
	Cookie Policy





Droit d'auteur © 2024 P.PDFHALL.COM. Tous droits réservés.








MON COMPTE



	
Ajouter le document

	
de gestion des documents

	
Ajouter le document

	
Signe









BULLETIN



















Follow us

	

Facebook


	

Twitter



















Our partners will collect data and use cookies for ad personalization and measurement. Learn how we and our ad partner Google, collect and use data. Agree & Close



