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Radar observation values Fix a direction Subdivide : radar cells Emit −→ Reect −→ Receive Observation value of one radar cell Z



= (z1 , ..., zk = rk e i ϕk , ..., zn )T



k : amplitude of reected signal ϕk : phase of reected signal r



n



: number of signals emitted in one burst
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Two notions of average α = 2 : mean (center of mass) α = 1 : median Which one is preferable for radars ?
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Initial spectra



Fig. 1: Initial Spectra



Geometry of Covariance Matrices and Computation of Median



23 / 28



Introduction and Background Geometry of Covariance Matrices Riemannian Median Simulation



Median spectra



Fig. 2: Median Spectra
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Mean spectra



Fig. 3: Mean Spectra
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Target detection by median



Fig. 4: Target detection by median
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