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!1! ! ---- PARTIE 0 ---- ! > preambule=read.table( + ... - Freakonometrics

[1] 8600.721. > > mP=intra$prime. > df$P=rep(mP,n-1). > ..... Null deviance: 3445251 on 776 degrees of freedom. Residual deviance: 21594 on 665 degrees of ... 
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> !



---- PARTIE 0 ---! > preambule=read.table( + "http://freakonometrics.free.fr/preambule.csv",header=TRUE,sep=";") > table(preambule$Y) 0 1 2 3 45 133 160 101



4 51



5 8



6 2



> reg0=glm(Y/N~1,family="binomial",weights=N,data=preambule) > summary(reg0) Call: glm(formula = Y/N ~ 1, family = "binomial", data = preambule, weights = N) Deviance Residuals: Min 1Q Median -2.12673 -0.87408 -0.01892



3Q 0.73065



Max 2.74209



Coefficients: Estimate Std. Error z value Pr(>|z|) (Intercept) -1.3714 0.0352 -38.96 CORPOREL=read.table( + "http://freakonometrics.free.fr/corporel-2040.csv", + header=TRUE,sep=";") 1!!



tail(CORPOREL) degre age cat.age sexe vehicule anciennete alcool cat.alc 76336 indemne 45 40-49 M voiture 6 0 0-20 76337 corporel 59 50-59 F voiture 2 0 0-20 76338 indemne 34 30-39 F voiture 2 0 0-20 76339 indemne 29 26-29 F voiture 5 9 0-20 76340 indemne 64 60+ M voiture 0 0 0-20 76341 indemne 57 50-59 F voiture 1 0 0-20 > attach(CORPOREL) > table(degre) degre corporel deces indemne 31369 676 44296 > Y=degre=="deces" > table(Y) Y FALSE TRUE 75665 676 > > > > > + > >



X1=vehicule; nom1=levels(X1) X2=cat.alc; nom2=levels(X2) comptage=table(X1,X2) deces=comptage for(k in 1:nrow(comptage)){ deces[k,]=tapply(Y[X1==nom1[k]],X2[X1==nom1[k]],sum)} deces[is.na(deces)]=0 comptage X2 X1 0-20 150+ 20-50 50-80 80-150 bus-truck 3218 74 0 13 52 moto 2059 49 5 11 60 van 6237 120 8 32 113 voiture 62433 795 56 244 762 > deces X2 X1 0-20 150+ 20-50 50-80 80-150 bus-truck 93 6 0 1 2 moto 51 4 0 2 4 van 76 7 0 2 3 voiture 372 25 0 11 17 2!!



> > taux=deces/comptage > taux X2 X1 0-20 bus-truck 0.028899938 moto 0.024769305 van 0.012185346 voiture 0.005958387



X2 X1 150+ 20-50 50-80 80-150 0.081081081 0.076923077 0.038461538 0.081632653 0.000000000 0.181818182 0.066666667 0.058333333 0.000000000 0.062500000 0.026548673 0.031446541 0.000000000 0.045081967 0.022309711



> comptage[is.na(comptage)]=0 > m=mean(Y) > > L C[1,] for(j in 2:10){ + for(k in 1:nrow(deces)){ + L[j,k]



C[10,] 0-20 150+ 20-50 50-80 80-150 0.008030879 0.035623800 0.000000000 0.051639617 0.023578519 > >



pred1



pred1 = deces for(k in 1:nrow(deces)){pred1[k,] >



0-20 0.026966178 0.024175198 0.012043522 0.006091821



150+ 0.119618012 0.107237631 0.053423297 0.027022425



20-50 0.000000000 0.000000000 0.000000000 0.000000000



50-80 0.173396109 0.155449732 0.077441446 0.039171218



reg1=glm(Y~vehicule+cat.alc,family=poisson(link="log"),data=CORPOREL) summary(reg1)



Call: glm(formula = Y ~ vehicule + cat.alc, family = poisson(link = "log"), data = CORPOREL) Deviance Residuals: Min 1Q Median -0.5889 -0.1104 -0.1104



3Q -0.1104



Max 2.8660



Coefficients: Estimate Std. Error z value (Intercept) -3.6132 0.1006 -35.924 vehiculemoto -0.1093 0.1620 -0.675 vehiculevan -0.8061 0.1455 -5.539 vehiculevoiture -1.4876 0.1104 -13.472 cat.alc150+ 1.4897 0.1600 9.308 cat.alc20-50 -10.4584 151.4947 -0.069 cat.alc50-80 1.8610 0.2534 7.344 cat.alc80-150 1.0770 0.2007 5.365 --Signif. codes: 0 ‘***’ 0.001 ‘**’ 0.01 ‘*’



Pr(>|z|) < 2e-16 0.500 3.04e-08 < 2e-16 < 2e-16 0.945 2.07e-13 8.08e-08



*** *** *** *** *** ***



0.05 ‘.’ 0.1 ‘ ’ 1



(Dispersion parameter for poisson family taken to be 1) Null deviance: 6390.6 Residual deviance: 6064.0 AIC: 7432



on 76340 on 76333



degrees of freedom degrees of freedom



Number of Fisher Scoring iterations: 13 > newd=data.frame(vehicule=rep(nom1,length(nom2)), + cat.alc=rep(nom2,each=length(nom1))) 3!!



80-150 0.079172227 0.070977956 0.035359569 0.017885480



4!!



> > > >



pred2=predict(reg1,newdata=newd,type="response") P2=matrix(pred2,length(nom1),length(nom2)) rownames(P2)=nom1;colnames(P2)=nom2 table(CORPOREL$cat.alc) 0-20 73947



150+ 1038



20-50 69



50-80 80-150 300 987



> CORPOREL$cat.alc2=CORPOREL$cat.alc > levels(CORPOREL$cat.alc2)=c("0-50","150+","0-50","50-150","50-150") > table(CORPOREL$cat.alc2) 0-50 74016



150+ 50-150 1038 1287



> table(CORPOREL$vehicule) bus-truck 3357



moto 2184



van 6510



voiture 64290



> CORPOREL$veh2=CORPOREL$vehicule > levels(CORPOREL$veh2)=c("bus-truck-moto", + "bus-truck-moto","van","voiture") > table(CORPOREL$veh2) bus-truck-moto 5541



van 6510



voiture 64290



> reg2=glm(Y~veh2+cat.alc2,family=poisson(link="log"),data=CORPOREL)



> summary(reg2) Call: glm(formula = Y ~ veh2 + cat.alc2, family = poisson(link = "log"), data = CORPOREL) Deviance Residuals: Min 1Q Median -0.4783 -0.1104 -0.1104



3Q -0.1104



Max 2.8658



Coefficients: Estimate Std. Error (Intercept) -3.65936 0.08069 veh2van -0.76075 0.13230 veh2voiture -1.44099 0.09242 cat.alc2150+ 1.49099 0.16005 cat.alc250-150 1.30600 0.15991 --Signif. codes: 0 ‘***’ 0.001 ‘**’



z value Pr(>|z|) -45.351 < 2e-16 *** -5.750 8.93e-09 *** -15.592 < 2e-16 *** 9.316 < 2e-16 *** 8.167 3.15e-16 *** 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1



(Dispersion parameter for poisson family taken to be 1) Null deviance: 6390.6 Residual deviance: 6071.2 AIC: 7433.2



on 76340 on 76336



degrees of freedom degrees of freedom



Number of Fisher Scoring iterations: 7 > predict(reg2,newdata=data.frame(cat.alc2=c("0-50","50-150","150+"), + veh2=c("voiture","voiture","voiture")), + type="response") 1 2 3 0.006094632 0.022497609 0.027069134 > reg3=glm(Y~veh2+cat.alc2,family=binomial(link="logit"),data=CORPOREL)



5!!



6!!



> summary(reg3)



> reg4=glm(Y~veh2+cat.alc2,family=quasipoisson(link="log"),data=CORPOREL) > summary(reg4)



Call: glm(formula = Y ~ veh2 + cat.alc2, family = binomial(link = "logit"), data = CORPOREL) Deviance Residuals: Min 1Q Median -0.4832 -0.1104 -0.1104



3Q -0.1104



Max 3.1946



Call: glm(formula = Y ~ veh2 + cat.alc2, family = quasipoisson(link = "log"), data = CORPOREL) Deviance Residuals: Min 1Q Median -0.4783 -0.1104 -0.1104



3Q -0.1104



Max 2.8658



Coefficients: Estimate Std. Error (Intercept) -3.62662 0.08184 veh2van -0.78178 0.13395 veh2voiture -1.46987 0.09370 cat.alc2150+ 1.53780 0.16450 cat.alc250-150 1.34111 0.16351 --Signif. codes: 0 ‘***’ 0.001 ‘**’



z value Pr(>|z|) -44.311 < 2e-16 *** -5.836 5.34e-09 *** -15.688 < 2e-16 *** 9.348 < 2e-16 *** 8.202 2.36e-16 *** 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1



Coefficients: Estimate Std. Error (Intercept) -3.65936 0.07991 veh2van -0.76075 0.13102 veh2voiture -1.44099 0.09152 cat.alc2150+ 1.49099 0.15850 cat.alc250-150 1.30600 0.15836 --Signif. codes: 0 ‘***’ 0.001 ‘**’



t value Pr(>|t|) -45.794 < 2e-16 *** -5.806 6.42e-09 *** -15.745 < 2e-16 *** 9.407 < 2e-16 *** 8.247 < 2e-16 *** 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1



(Dispersion parameter for binomial family taken to be 1) (Dispersion parameter for quasipoisson family taken to be 0.9807156) Null deviance: 7736.6 Residual deviance: 7411.8 AIC: 7421.8



on 76340 on 76336



degrees of freedom degrees of freedom



Null deviance: 6390.6 Residual deviance: 6071.2 AIC: NA



on 76340 on 76336



degrees of freedom degrees of freedom



Number of Fisher Scoring iterations: 7 Number of Fisher Scoring iterations: 7 > predict(reg3,newdata=data.frame(cat.alc2=c("0-50","50-150","150+"), + veh2=c("voiture","voiture","voiture")), + type="response") 1 2 3 0.006080978 0.022856896 0.027687728 > table(CORPOREL$cat.alc2)/length((CORPOREL$cat.alc2)) 0-50 150+ 50-150 0.96954454 0.01359689 0.01685857 > predict(reg3,newdata=data.frame(cat.alc2=c("0-50","50-150","150+"), + veh2=c("voiture","voiture","voiture")), + type="response) 7!!



8!!



> library(nnet) > CORPOREL$Y=degre > reg5=multinom(Y~veh2+cat.alc2,data=CORPOREL) # weights: 18 (10 variable) initial value 83869.160729 iter 10 value 56945.564900 iter 20 value 54368.409072 iter 30 value 54349.196650 final value 54348.927382 converged > summary(reg5) Call: multinom(formula = Y ~ veh2 + cat.alc2, data = CORPOREL) Coefficients: (Intercept) veh2van veh2voiture cat.alc2150+ cat.alc250-150 deces -3.128271 -0.3825518 -1.0360780 1.1238657 1.0381024 indemne -0.482676 0.8660091 0.9230502 -0.9679921 -0.6471955 Std. Errors: (Intercept) veh2van veh2voiture cat.alc2150+ cat.alc250-150 deces 0.08209712 0.1350718 0.09420593 0.16545337 0.16485982 indemne 0.02827523 0.0379941 0.02937917 0.06732754 0.05821281 Residual Deviance: 108697.9 AIC: 108717.9 > reg6=multinom(Y~veh2+cat.alc2+sexe+anciennete,data=CORPOREL) # weights: 24 (14 variable) initial value 83869.160729 iter 10 value 60708.059345 iter 20 value 54354.056598 iter 30 value 54230.746815 iter 30 value 54230.746310 final value 54230.746310 converged



> summary(reg6) Call: multinom(formula = Y ~ veh2 + cat.alc2 + sexe + anciennete, data = CORPOREL) Coefficients: (Intercept) veh2van veh2voiture cat.alc2150+ cat.alc250-150 sexeM anciennete deces -3.4747251 -0.3657135 -0.9120289 1.082679 0.9816627 0.3509260 0.003250655 indemne -0.7231899 0.8768508 1.0129565 -1.002271 -0.6915642 0.2443382 0.002215666 Std. Errors: (Intercept) veh2van veh2voiture cat.alc2150+ cat.alc250-150 sexeM anciennete deces 0.12920722 0.13518641 0.09909299 0.16594222 0.16562513 0.09835261 0.009798542 indemne 0.03285738 0.03802368 0.03000948 0.06747606 0.05838016 0.01612267 0.001885893



Residual Deviance: 108461.5 AIC: 108489.5 ! ---- PARTIE 2 ---> source("http://freakonometrics.free.fr/triangle-intra2.R") > intra $triangle 0 1 2 3 4 5 6 7 8 9 1988 5244 9228 10823 11352 11791 12082 12120 12199 12215 12215 1989 5984 9939 11725 12346 12746 12909 13034 13109 13113 NA 1990 7452 12421 14171 14752 15066 15354 15637 15720 NA NA 1991 7115 11117 12488 13274 13662 13859 13872 NA NA NA 1992 5753 8969 9917 10697 11135 11282 NA NA NA NA 1993 3937 6524 7989 8543 8757 NA NA NA NA NA 1994 5127 8212 8976 9325 NA NA NA NA NA NA 1995 5046 8006 8984 NA NA NA NA NA NA NA 1996 5129 8202 NA NA NA NA NA NA NA NA 1997 3689 NA NA NA NA NA NA NA NA NA $prime 1988 1989 1990 1991 1992 1993 1994 1995 1996 1997 15883 16689 18029 17858 16709 14212 15083 15131 15465 11217 > mC=intra$triangle > n=ncol(mC)



9!!



10 !!



> MackChainLadder(mC) MackChainLadder(Triangle = mC)



1988 1989 1990 1991 1992 1993 1994 1995 1996 1997



> reg1=lm(log(Y)~A+B,data=df) > summary(reg1)



Latest Dev.To.Date Ultimate IBNR Mack.S.E CV(IBNR) 12,215 1.000 12,215 0.0 0.0 NaN 13,113 1.000 13,113 0.0 7.9 Inf 15,720 0.999 15,732 12.4 15.7 1.262 13,872 0.993 13,964 91.6 17.3 0.189 11,282 0.985 11,453 170.7 111.9 0.656 8,757 0.969 9,039 282.4 112.7 0.399 9,325 0.940 9,923 598.2 148.2 0.248 8,984 0.891 10,088 1,104.0 219.2 0.199 8,202 0.779 10,529 2,326.9 473.3 0.203 3,689 0.479 7,704 4,014.6 557.8 0.139



Totals Latest: 105,159.00 Dev: 0.92 Ultimate: 113,759.72 IBNR: 8,600.72 Mack S.E.: 859.63 CV(IBNR): 0.10



> > > > > > > > >



Call: lm(formula = log(Y) ~ A + B, data = df) Residuals: Min 1Q -1.71387 -0.19797



Median 0.06115



3Q 0.20978



Max 1.29746



Coefficients: Estimate Std. Error t value Pr(>|t|) (Intercept) 146.48471 61.81314 2.370 0.0216 * A -0.06916 0.03102 -2.229 0.0302 * B -0.74997 0.03244 -23.116 reg2=lm(log(Y)~as.factor(A)+as.factor(B),data=df)



11 !!



12 !!



> summary(reg2)



> summary(reg3)



Call: lm(formula = log(Y) ~ as.factor(A) + as.factor(B), data = df)



Call: glm(formula = Y ~ A + B, family = poisson(link = "log"), data = df)



Residuals: Min 1Q -1.37436 -0.15434



Deviance Residuals: Min 1Q -23.9887 -6.8467



Median 0.00522



3Q 0.17412



Max 1.22991



Coefficients:



Median 0.2444



3Q 4.5700



Max 28.4783



Coefficients: Estimate Std. Error t value Pr(>|t|) 8.8241 0.2118 41.667 < 2e-16 *** -0.0580 0.2067 -0.281 0.7806 0.2258 0.2162 1.045 0.3032 -0.2504 0.2265 -1.105 0.2763 -0.1846 0.2388 -0.773 0.4446 -0.3847 0.2544 -1.512 0.1392 -0.4954 0.2756 -1.798 0.0806 . -0.3722 0.3070 -1.212 0.2333 -0.3029 0.3610 -0.839 0.4069 -0.6110 0.4870 -1.255 0.2176 -0.4694 0.2067 -2.271 0.0292 * -1.4816 0.2162 -6.853 5.12e-08 *** -2.2937 0.2265 -10.126 4.44e-12 *** -2.8431 0.2388 -11.905 4.84e-14 *** -3.4300 0.2544 -13.482 1.22e-15 *** -4.6344 0.2756 -16.817 < 2e-16 *** -4.5115 0.3070 -14.695 < 2e-16 *** -6.7157 0.3610 -18.604 < 2e-16 ***



(Intercept) as.factor(A)1989 as.factor(A)1990 as.factor(A)1991 as.factor(A)1992 as.factor(A)1993 as.factor(A)1994 as.factor(A)1995 as.factor(A)1996 as.factor(A)1997 as.factor(B)1 as.factor(B)2 as.factor(B)3 as.factor(B)4 as.factor(B)5 as.factor(B)6 as.factor(B)7 as.factor(B)8 --Signif. codes: 0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1



Estimate Std. Error z value Pr(>|z|) (Intercept) 111.387202 2.323204 47.95 summary(reg4) Call: glm(formula = Y ~ as.factor(A) + as.factor(B), family = poisson(link = "log"), data = df) Deviance Residuals: Min 1Q -12.2455 -3.5148



Median -0.4767



3Q 3.5907



Max 13.4573



Coefficients: Estimate Std. Error z value Pr(>|z|) (Intercept) 8.674092 0.009635 900.279 < 2e-16 *** as.factor(A)1989 0.070939 0.012575 5.641 1.69e-08 *** as.factor(A)1990 0.253059 0.012063 20.978 < 2e-16 *** as.factor(A)1991 0.133791 0.012415 10.777 < 2e-16 *** as.factor(A)1992 -0.064441 0.013070 -4.930 8.21e-07 *** as.factor(A)1993 -0.301073 0.014023 -21.470 < 2e-16 *** as.factor(A)1994 -0.207792 0.013788 -15.070 < 2e-16 *** as.factor(A)1995 -0.191317 0.013960 -13.705 < 2e-16 *** as.factor(A)1996 -0.148546 0.014393 -10.320 < 2e-16 *** as.factor(A)1997 -0.460981 0.019076 -24.165 < 2e-16 *** as.factor(B)1 -0.467200 0.007149 -65.353 < 2e-16 *** as.factor(B)2 -1.456867 0.010717 -135.937 < 2e-16 *** as.factor(B)3 -2.276393 0.016140 -141.038 < 2e-16 *** as.factor(B)4 -2.802747 0.021910 -127.921 < 2e-16 *** as.factor(B)5 -3.378022 0.030769 -109.787 < 2e-16 *** as.factor(B)6 -4.050147 0.046987 -86.198 < 2e-16 *** as.factor(B)7 -4.418412 0.065228 -67.738 < 2e-16 *** as.factor(B)8 -6.407605 0.223720 -28.641 < 2e-16 *** --Signif. codes: 0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1



> sum(exp(predict(reg1,newdata=df)[futur])) [1] 7643.561 > sum(exp(predict(reg2,newdata=df)[futur])) [1] 8060.825 > sum(exp(predict(reg3,newdata=df)[futur])) [1] 9177.528 > sum(exp(predict(reg4,newdata=df)[futur])) [1] 8600.721 > > mP=intra$prime > df$P=rep(mP,n-1) > > reg5=glm(Y~as.factor(A)+as.factor(B)+offset(log(P)), + data=df,family=poisson(link="log"))



(Dispersion parameter for poisson family taken to be 1) Null deviance: 120911.7 on 53 degrees of freedom Residual deviance: 1558.2 on 36 degrees of freedom (36 observations deleted due to missingness) AIC: 2050.4 Number of Fisher Scoring iterations: 5 15 !!



16 !!



> summary(reg5) Call: glm(formula = Y ~ as.factor(A) + as.factor(B) + offset(log(P)), family = poisson(link = "log"), data = df) Deviance Residuals: Min 1Q -12.2455 -3.5148



Median -0.4767



3Q 3.5907



Max 13.4573



Coefficients: Estimate Std. Error -0.998913 0.009635 0.021439 0.012575 0.126327 0.012063 0.016589 0.012415 -0.115139 0.013070 -0.189910 0.014023 -0.156111 0.013788 -0.142813 0.013960 -0.121876 0.014393 -0.113162 0.019076 -0.467200 0.007149 -1.456867 0.010717 -2.276393 0.016140 -2.802747 0.021910 -3.378022 0.030769 -4.050147 0.046987 -4.418412 0.065228 -6.407605 0.223720



z value Pr(>|z|) -103.677 < 2e-16 *** 1.705 0.0882 . 10.472 < 2e-16 *** 1.336 0.1815 -8.809 < 2e-16 *** -13.543 < 2e-16 *** -11.322 < 2e-16 *** -10.230 < 2e-16 *** -8.468 < 2e-16 *** -5.932 2.99e-09 *** -65.353 < 2e-16 *** -135.937 < 2e-16 *** -141.038 < 2e-16 *** -127.921 < 2e-16 *** -109.787 < 2e-16 *** -86.198 < 2e-16 *** -67.738 < 2e-16 *** -28.641 < 2e-16 ***



(Intercept) as.factor(A)1989 as.factor(A)1990 as.factor(A)1991 as.factor(A)1992 as.factor(A)1993 as.factor(A)1994 as.factor(A)1995 as.factor(A)1996 as.factor(A)1997 as.factor(B)1 as.factor(B)2 as.factor(B)3 as.factor(B)4 as.factor(B)5 as.factor(B)6 as.factor(B)7 as.factor(B)8 --Signif. codes: 0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1



> reg6=glm(Y~as.factor(B)+offset(log(P)),data=df, + family=poisson(link="log")) > summary(reg6) Call: glm(formula = Y ~ as.factor(B) + offset(log(P)), family = poisson(link = "log"), data = df) Deviance Residuals: Min 1Q -14.9933 -4.2664



Median -0.6501



3Q 4.3320



Max 15.4796



Coefficients: Estimate Std. Error (Intercept) -1.053863 0.004284 as.factor(B)1 -0.462836 0.007055 as.factor(B)2 -1.444326 0.010592 as.factor(B)3 -2.251304 0.016014 as.factor(B)4 -2.759817 0.021780 as.factor(B)5 -3.308261 0.030646 as.factor(B)6 -3.951077 0.046872 as.factor(B)7 -4.309803 0.065098 as.factor(B)8 -6.341613 0.223648 --Signif. codes: 0 ‘***’ 0.001 ‘**’



z value Pr(>|z|) -245.97 
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!1! ! ---- PARTIE 0 ---- ! > preambule=read.table( + ... - Freakonometrics 

Number of Fisher Scoring iterations: 4 ! ! ---- PARTIE 1 ----. > CORPOREL=read.table(. + "http://freakonometrics.free.fr/corporel-2040.csv",. + header=TRUE,sep=" ...
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Partie 1 Process Code PC 5 0 0 awake sleepy C 1,3,4,5 4 0 0 awake 

0. 0. C. 1 sleepy. C continues to pop the buffer, and blocks on fill. P. 2,3. 1. âˆ… awake. P restarts, fills the buffer and wakeups C. Partie 2. Process. Code value. S.
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(c) 1 0 1 0 0 1 0 1 0 1 0 0 1 0 0 0 key1 key2 (d) - Dr. Lena Wiese 

query1: match. (true positive if key1=query1) query2: miss. (true negative). (e) 1 0 1 0 0 1 0 1 0 1 0 0 1 0 0 0 key1 key2 query1: match. (false positive because ...
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1 0 # # 2 0 # # C # # 4 0 # # # 2 1 # 1 # 0 # # # 5 0 1 

1 HOW TO LOCK / UNLOCK THE LOCKSET. 2 HOW TO LOCK / UNLOCK / PROGRAM THE LOCKSET. The screen is temporarily disabled after 4 consecutive incorrect entries. To unlock, enter valid User Code or Programming Code. After the screen is activated, enter Gui
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Actuariat IARD - ACT2040 Partie 8 - provisions pour ... - Freakonometrics 

NotÃ© Ni,j sinistres survenus l'annÃ©e i connus (dÃ©clarÃ©s) au bout de j annÃ©es,. 0 ...... 2 nâˆ’i. /[Ì‚Î». (n) nâˆ’i. ] 2. âˆ‘ iâˆ’1 k=0. Ck,nâˆ’i. + nâˆ’1. âˆ‘ j=nâˆ’i+1. Cnâˆ’j,j. âˆ‘ nâˆ’j k=0.
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partie 1 

Miniaturisation : Mainframe. PC portable. Â« netbook Â» (mini-PC). PDA informatique embarquÃ©e. Informatique embarquÃ©e â€“ produits grand public.
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Webster (0-1) -vs- Quincy (1-0) 

31 aoÃ»t 2019 - Makaela Hampton / Annie McGinnis [QU]. 1. #3 Doubles. FINAL. 1. Emma Ferguson / Alyssa Tourville [WUWT]. 1. > Abby Moore / Rita Kanaeva ...
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rion to solve the blind separation problem 1]. The cri- ... pendent Component Analysis "ICA" problem) 3, 4, 5,. 6, 7, 8, 9, 10]. ..... sity function (pdf) were used. The channel e ect .... Applications, pages 1001{1004, Hawaii, 1998. 16] D. Gesbert, 
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partie 1 mÃ©moire 

Cette Ã©tude s'inscrit dans un cadre concret et actuel. En effet, le monde semble prendre davantage conscience de son impact sur l'environnement. Dans cette optique, les problÃ¨mes Ã©cologiques sont de plus en plus Ã  l'agenda des politiciens. La tax
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0 1 2 km 

325000. 325000. 330000. 330000. 335000. 335000. 5. 0. 6. 6. 0. 0. 0. 5. 0. 6. 6. 0. 0. 0. 5. 0. 7. 2. 0 ... Route secondaire. Limite du parc national. Sentier pÃ©destre.
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2 0 1 1 3 :2 0 P M16 ... - LEGO.com 

... nÃ¥r du ringer fra fasttelefon. *Det Ã¤r gratis, nÃ¤r du ringer frÃ¥n en fast telefon. * NumÃ©ro sans frais. Des frais peuvent s'appliquer avec les tÃ©lÃ©phones portables.
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(UniversitÃ© de Rennes 1) ESSEC, Pari - Freakonometrics 

(unobservable?) risk factor N2 imperfect information given some (observable) risk ... depends on variable selection / feature engineering. Try to avoid overfit.
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into hardware or software conflicts, largely because . . . well, there just wasn't much in the way of other ... REPRINT MANAGEMENT SERVICES ..... Intel unveiled a notebook using Robson technology at ... cluding PDF (Portable Document Format), HLP, Wo
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Dominican University (0-1) -vs- Beloit College (1-0) 

Dominican University (0-1) -vs- Beloit College (1-0). 08/31/19 at Beloit, Wis. (). Dominican University 0, Beloit College 9. Date: 08/31/19. Time: 1:00 PM.
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Quadratic 0-1 Bibliography 

ADAMS W.P., SHERALI H.D., A tight linearization and an algorithm for zero-one quadratic programming problems. Management Science, vol.32, nÂ°10, October ...










 














×
Report !1! ! ---- PARTIE 0 ---- ! > preambule=read.table( + ... - Freakonometrics





Your name




Email




Reason
-Select Reason-
Pornographic
Defamatory
Illegal/Unlawful
Spam
Other Terms Of Service Violation
File a copyright complaint





Description















Close
Save changes















×
Signe






Email




Mot de passe







 Se souvenir de moi

Vous avez oublié votre mot de passe?




Signe




 Connexion avec Facebook












 

Information

	A propos de nous
	Règles de confidentialité
	TERMES ET CONDITIONS
	AIDE
	DROIT D'AUTEUR
	CONTACT
	Cookie Policy





Droit d'auteur © 2024 P.PDFHALL.COM. Tous droits réservés.








MON COMPTE



	
Ajouter le document

	
de gestion des documents

	
Ajouter le document

	
Signe









BULLETIN



















Follow us

	

Facebook


	

Twitter



















Our partners will collect data and use cookies for ad personalization and measurement. Learn how we and our ad partner Google, collect and use data. Agree & Close



